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A Brief History

of Business :
A around the 1950s, and it grow out of technology
|ﬂt€| I |gence called decision support




Business
intelligence
platforms sift
through this data
to find patterns
and trends.

“Saas” acronym
first appears -
Software

Bl Market
expected to
surge to
$136 billion

Bl Market
g t

reaches
$81 billion







75 billion

Internet-connected
devices by 20202

90%

of all data was created
in the last 2 years' Unstructured
Data’




Structured Semi-structured
ey o

vvvvvvvv

Three main ——— Eas |
forms of =
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Unstructured
= (A




How do companies store and manage all this
data?

Big Data Analytics

.
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Bl Solution Data Flow

Data Sources Data Integration Data Warehouse Reporting & Analytics Deployment

= —
Data | -5 - I
Warehouses are | —-— |
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used to | g _

consolidate
disparate data in
a central
location




So you may ask know how does information
get to a central location?
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CUSTOMER WEB PORTAL

ERP

ENTERPRISE RESOURCE
PLANNING

E-Mail
Marketing
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Transform

Transformation

Flatfile

FTl Prnracc
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Transformation

Flatfile

FTI Prarecc
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When talking
about big data
and Bl,
Hadoop
comes up a lot

i@hadaap

Hadoop uses a cluster
system that allows files to
be stored on multiple
servers




Data mining Cos'f
Text analyzing reduction
Business Analytics

BIG DATA }
ANALYTICS

Faster,
better
decision
making

New
products
& services



Data mining




Text

Analytics

Software come’s through
unstructured textual data
to find patterns




Business
Analytics

Statistics

Modeling and
Optimization

Business
Intelligence/
Information
Systems




Three are three main forms of
business analytics

How can
we make
it happen

What What will
happened happen

Descriptive Analytics Predictive Analytics Prescriptive Analytics




Descriptive
Analytics

* The base upon which other

types of analytics are built
How can

. Dt What What will
Descriptive programs we make

analyze past data and happened happen
identify trends and
relationships

it happen

* Raw data can be grouped
into easily digestible pieces,
such as the number of
unique page-views, or the
sales numbers for a specific
department.

Descriptive Analytics Predictive Analytics Prescriptive Analytics




Predictive Analytics

STRONG POSITIVE
CORRELATION

WEAK POSITIVE
CORRELATION

STRONG NEGATIVE
CORRELATION
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Decision Analytics

Decision Automation
Prescriptive

How can we make it happen?

Decision Support

Predictive

How likely is xto happen? Deployed
Decision or Action to
Recommendation Operational

Diagnostic Systems
Why did it happen?

Business Value

Descriptive
What happened?

. Human Intervention
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Business Intelligence Reporting
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Dashboards ks 4831 5492

Sales Margin
8,000 3.000 ’
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500 10000 %I.IIIJ 2011 2012 2013 2014 2015 201
Marketing Costs Year

Product Name Sales Margin %Margin  Class  Support Support Both  Confidence Lift Marketing Costs  Avg Discount

OMI Eclpse Exe... [IISSINGS $4,55% 0.2% 0.000107 0,000107 1000000  9,387.00 4373561

Epson FX-980D.., $12,144 $2,148 0.1% ' 0.000107 0.000107 1000000 9,387.00 $1,399.41

Ghobal Enterpri... $5,827 $1,342 0.1% ' 0,000107 0.000107 1.000000 9,337.00 $1,049.72

O'Sulivan Cherr... $7,208 $1,180 0.0% 0.000107 0.000107 1.000000 9,337.00 $1,004.68

Sauder Camden. .. $5,115 $1,066 0.0% 0.000107 0.000107 1,000000 9,387.00

Canon 5750 Col... $4,952 4335 0.0% 1 0.000107 0.000107 1.000000 9,337.00 $1,070.34

Felowes Moble. ., $3,028 4351 0.0% 0.000107 0.000107 1.000000 9,357.00 $155.49

3.6 Cubk Fook ... $4,128 $843 0.0% 0.000107 0.000107 1,000000 9,387.00 $676.04

Nt Matriv Orine TR £ 0 N, 0 NON1NT 0.00N1N7 1 NN Q 297 NN 218 7




Where is Bl headed
Who are the main companies...




TDWI’s latest survey

Had standardized Are not using See big data & See Bl as
one or more Bl business intelligence business intelligence a problem
application in their in their buisness as an opportunity
business



A survey by

Informatiom
Week shows
why companies
are adopting
business
intelligence

List predicting custom-
er behavior as the
biggest factor driving
their interest in big
data

Claim accessing timely,

reliable data stands as
their biggest informa-
tion obstacle

Answered that they
were interested in
using business intelli-

ence applications in
their business



Current Trends




Traditional Computing In-memory Computing

"Database of Record"
| App. Data | Ml App. Data App. Data 1l App. Data
In-Memory —A PR = T
: Application Application I Rgféﬁ ;“YW Application | FApplication
P rocessin g Code Code + Postprocessing Code Code
' * Backup
Main memory (DRAM) Main memory (DRAM)

» 64-bit processors can address up to 16 exabytes of data
» DRAM production costs drop by 32% every 12 months

* 1GB of NAND flash memory average price is 56$ cents*
 Commodity hardware provide multi terabyte of DRAM

* In-memory-enabling software is available and proven

* IMC software is often embedded in products/services




Business intelligence
In Action

02 Ireald Case Study



O2 lIreland is a large cell-phone carrier,
and Telefonica Europe subsidiary

Customers were buying their pre-paid SIM
cards for their phones, then leaving the
country.

O2 Ireland did not want to spend
marketing resources on these customers
but didn’t have a way to segment from
their marketing efforts.



Customer Analysis Dashboard

_

? CUSTOMER SEGMENTATION DETAIL DASHBOARD INFOCEPTS

December, 2016 Clear All Filter

$115M S$43M 4.004 1.188 767

3ottom Client’s Top Regio Regior Lower Region

REGION-WISE AVERAGE SALES ANALYSIS BY MONTH PRODUCT-WISE SALES ANALYSIS

. Product 7 Product2
@ Avg Sales @ Avg Profits Region Group
8K Select All
Lower Regions
20K Mid Regions
Top Regions Product1 Product11
7K
0K
Jan Feb Mar Apr May Jun Jul Aug Sep Od Nov Dec

CUSTOMER SPECIFIC GROWTH & PROFIT STATISTIC PRODUCT GROUPS PROFIT STORY CHANNEL SPECIFIC SALES & PROFIT
Customer Names Transactions Total Profits % Growth to LY Profit Margin ~ @ Sales ABC @ Total Profits

Apollo Ltd 132 $1.03M -5.7 % 39 %

Linde 113 $0.57M 1.0% 59 Mid Products - 9

Weimei Corp 123 $1.02M 11.6 % 39 %

Eminence Corp 151 $1.13m 15.7 % 38 % - 20M

Less Products
Pure Group 118 S0.91M -17.3 % 37 %
OUR Ltd 136 $1.06M 2.7 % 37 % v . ~ oM
SOM S20M Wholesale Distributor Export

POWERED BY InfoCepts




Sales Scorecard Dashboard

» Segment Consumer 2012
SALES SCORECARD | WHERE ARE WE MONEY? @ Profiable Corporate 2013
Home Office Il 2014
How much are we selling by Product? How much are we selling by State? What is our Sales Trend? 2 0 ) 6 0/0 CY: $734.016
®sSales Sales (Prior Year)
w vork [ NN oo
$246,566 Washington _ $0.07M
Training $215.390 Texas $0.04M
Pennsylvania $0.04M
How much are we selling by Region? Florida [l so.o3m
Michigan - $0.03M
$0.02M
$0.02M
$0.02M
Georgia [l s$0.02M
an Fe Ma - la un ul - Sep Oct O Dec
West Central South East
Where are we ? Benjamin Swanson William Mcintosh Melonie Wiesner Sara Kaminski What is our Profit Trend? - 3 8 2 0/ CY: $89.467
Accident Reporting $3,841 ($313) $1,513 $2,825 @Profit @ Profit (Prior Year) . 0
Books, Guides & Publications $2,585 ($1,318) $569 $2,267
Document Holders $4,306 $2,473 $1,941 $3,322
Driver Supplies $3,457 $413 $994 $2,508
First Aid Kits $250 $485 $337 $367 ) ) $11K 10K
Forms ($483) $4,790 ($676) $6,369 s7K $9K ) $8K $9K {
Labels, Markings and Stickers $7,424 $2,942 $1,946 $3,362 K _———L _~— $9K $9K
Load Signs & Warning Flags ($166) $120 $74 ($983) \ /\\/ $7K
Log Books $12,063 $1,014 $2,382 $9,573 ﬁ\:K $3K
OSHA Supplies $8,727 ($3.957) $401 $2,554 e
Placards $760 $503 $281 $686
Seals / Security $82 $112 $42 $70
Training ($2,893) ($986) ($1,153) ($83)
Vehicle Supplies $925 $260 $207 $356 Jan Feb Mar Apr May un ul Aug Sep Oct Nov Dec



Salesperson Dashboard

Who's Hot Measure PeriodSelection To-Date Selection

Sales 90 Days All

Top Sales This Pericd 33.47M Top Sales Growth from Prior Pericd 19M




Salesperson dashboard

Customer Measure Invoice Date Sales YoY

Customer

All Sales

Invoice Details

Customer Date Invoice No Product Gty Sold Sales o

Total 21,879.448.00 $195,071,79
Cst10064HE0  Total 2,363.00 $18,58
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Sales Analysis Dashboard.

Meazure Period Selection To-Date Selection Data refreshed:

Customer Overview: Sales .. o e e et e o ] After YTD 81412019 12:00:00 AM
- : All

YTD

1.511.436
Var from Prior Period This Period Selection  Var from Prior Period
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Seasonal Analysis

Seasonal Sales: Holidays

President's Day

0.72M

0.7M
0.6M
0.5M
0.4M
0.35M
0.3M
0.2M
) I
0.0M
2017 2013

Year Season Pres Day Var %
-

2012 |G
2017 SO0

0.0M

4th July

1.34M

0.71M

Season 4th July Var %

0.0M

Thanksgiving

1.12M

0.88M

2017 2018

Year Season Thanksgiving Var %

Christmas

2.88M

257

2017

Year Season Christmas Var %
-

2012

2017 SR

6/4/2019 9:23.45 AM

Company ID

All

Salesperson

All

Year

Select all
2010
2011
2012
2013
2014
2015
2016
2017
2018
2019
2020
2021

2022

Fay

\

s19)14




Company

- Top Sales this Year by All

6/4/2019 9:23:45 AM :

Top Customers




Top Sales Increase and Decrease by Customer

- Top Sales Change this YTD vs PYTD by Customer Company @
61412019 9:23:45 AM <
All
Top Increase ]
Sales LYTD Sales YTD Difference from LYTD §
- wn

Top Decrease
Sales LYTD Sales YTD Difference from LYTD




Sales by Ship-To

Ship To: Sales

> Bing

6.899,607

8,411,043




Company wide Monthly Sales Trends

- Sales Trends by Month: Trends

AN

6/612019 9:23.45 AM

Company
All
Invoice Date

Years

@ 6/18/2015 - 6/17/2020

Inv YTD

Select all

7114

% 10,08

After YTD

YTD
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Top Sales Decline by Customer (no sales in this

vs last period)

- Sales Decline by Customer: This 360 Days

Company ID

/2019 9:23.45 AM

All

73030R0 Cst7308CRO 21,589.99 ($21,600)

Total 10,823,891.29  $6,863,893 ($3.959,998) 301 0.0 $0.1




Sales of Top Products to Top Customers

6/4/12019 9:23:45 AM

- Top Customers and Top Products by Sales: Cst Address Invoice Date Company ID @

Last 3 Years A
D Y\ e e P (e
3 6/18/2017 - 6/17/2020

Top Customers

Customer Sales
-

ASIA

Wi 0D

EUROPE

Atlantic

JCean

AFRICA

T
AUSTRALIA SOUTH AMERICA

o

~
Bin R e s e e e el et
b g © 2020 Jomiom © 2020 HERE, ®© 2020 Microsoft Corporation Jerms
VPETTPETL F, AP 2.446,507.04
Cst Count Cst State Customer Product Sales N
-
JSA CA 874LMO Cst1874LMO 2 APHD, RT 2,400
VPETTPETL AP
. FINPEA 2,132,158.43
1 D W/ YAK STWIE AP 1,967,9584.44
AISINIDE A AADETCS 1 Q2= 754 28 v




Invoice Trends

@

- Sales Trends by Invoice: Avg Invoice Amt per Month
6/4/2019 9:23.45 AM <

Invoice Date
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Website Visitor Analysis

Website Visitor Analysis @©

# Theme oy - .
2,825,966 826,131 42,021
Seld Dx @ Pr
Visitors Count Purchasers Count Added To Cart Count S odect D
01/01/2019 - 12/31/72019 /m
Forecast Purchasers Count by Month © Customer Acquisition Through Referrals @
120K
110K 101.S0K 19.7% 20.36%
1 gg: 89.83K >
Z7.62x S1-83X € Bing
80K 70.30K ’ am— 67.97K
70K 1 OSB3IK 680K . o T - € Bing Organic
60K - S54.22K S5493K S55.20K 5522K - .
oogle
soK sy sax 247K _4260K4272K | 4285K 427« N
;g: - = 30.97K 30.51K 30.S0K 30.72K 19.81% e € Google Organic
20K Retargeting Ads
Jan 20... Feb 20... Mar 20...Apr 2019May 20...Jun 20... Jul 20719 Aug 20... Sep 20...0ct 20719Nov 20... Dec 20... Jan 20... Feb 20... Mar 20...Apr 2020
< Previous Year Purchasers Count Upper and Lower bound Forecast
19.85%
Visitors to Customers Conversion Trend [2018] © Visitors Count by Categories ©
400K 900K
350K 336.40K 800K
— 299.56K
281.20K 2 TOABIC 700K
252 45K .
250K 228 06K 222 17K 231.10K - 229.99K 600K
- 203.99K
2008C N § S00K
-
145.58K
1S0K 125.02K E g 400K
101.50K -
100K 89.83K 81.51K o
65.83K 65.95K 70.30K ——— 6594 ——77.52K — — 67.97K 300K
- —- — . — 3758k 42.47K
SOK - - 200K
o 100K
-SOK &
M- e el Apr May Jun Jul Aug Sep e Nov Dec Clothing Electronics Foods Home Appliances Sports Goods
Visitors Count > Purchasers Count

Category



Online Food Ordering Analysis
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Email Engagement Analytics Dashboard
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Intelligent big data
management

Meaningful

~ T
Lompression

Visualistaion

Recommender
Systems

Structure
Discovery

Feature

Elicitation

Supervised
Learning

Population
Growth
Prediction

Market
Forecasting

Estimating
life expectancy



w0 T 12:00 PM 100% - ( 0o T 12:00 PM 100% - oo T 12:00 PM 100% m—-— w0 T 12:00 PM 100% -
KLM KM > KLM

< Recent
Sun, April 31:45 PM

< Recent < Recent
with us soon & Here are your
travel details.

Dear traveller, your flight has iy Booking N o\ ~heck In :{

been delayed. We are sorry for \ KLM 5 DOFQTK | J <0 | |

the extra wait! Keep an eye on the | /

information screens - just in case $4,032.54

your gate number changes. Sarah Hum N -

Should you have any questions, ! Jeremy Goldberg { He;e l;<'s- Yf)(ur: :?m:dg it d /"\ Vi

our staff will be happy to help. Evan Litvak :’Ij ys.;u f:z;ghame":irpc'l ) -0

sy Non-Stop e

KLm DELAYED Wed, March 30 9:50 AM / cz; Check-in is open: go ahead and
4 get your boarding pass! See you
R Seat soon on board with us &

DOFQTK

14A

Jeremy Goldberg 148 ey Boaking Number
Sarah Hum 14A Non-Stop Evan Litvak 14c KLM 3, DOFQTK
Jeremy Goldberg 148 Sun, April 3 1:55 PM %MT
B Ligiak ki Mt 5 KLOBOS  8:50AM  9:50 AM KLOGOS  B:50AM  1:45PM
U ’)’ f‘ A Amstordam San Francisco
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How Machine
Learning In
Business Can
Transform The
Modern
Workforce

Big Data
The science of

processing struciured
and unsiructured data

so that meaningful insights

can be derived from it

Curating meaningful insights
from the data

Artificial Intelligence

Make machine perform cognitive functions




